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Abstract
High-level cognitive factors, including self-awareness, are believed to play an important role in human visual
perception. The principal aim of this study was to determine whether oscillatory brain rhythms play a role in the
neural processes involved in self-monitoring attentional status. To do so we measured cortical activity using
magnetoencephalography (MEG) and functional magnetic resonance imaging (fMRI) while participants were asked to
self-monitor their internal status, only initiating the presentation of a stimulus when they perceived their attentional
focus to be maximal. We employed a hierarchical Bayesian method that uses fMRI results as soft-constrained spatial
information to solve the MEG inverse problem, allowing us to estimate cortical currents in the order of millimeters and
milliseconds. Our results show that, during self-monitoring of internal status, there was a sustained decrease in
power within the 7-13 Hz (alpha) range in the rostral cingulate motor area (rCMA) on the human medial wall,
beginning approximately 430 msec after the trial start (p < 0.05, FDR corrected). We also show that gamma-band
power (41-47 Hz) within this area was positively correlated with task performance from 40–640 msec after the trial
start (r = 0.71, p < 0.05). We conclude: (1) the rCMA is involved in processes governing self-monitoring of internal
status; and (2) the qualitative differences between alpha and gamma activity are reflective of their different roles in
self-monitoring internal states. We suggest that alpha suppression may reflect a strengthening of top-down interareal
connections, while a positive correlation between gamma activity and task performance indicates that gamma may
play an important role in guiding visuomotor behavior.
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Introduction
Over the past decade, numerous experimental paradigms
have been employed to ascertain the roles played by higher-
level cognitive factors in primate vision, including attentional
processes and self-awareness. Several key findings follow.
Physiological studies have shown that the lateral intraparietal
area, frontal eye field and superior colliculus are involved in
guiding visual attention [1], while the neural correlates of focal
attentive processes can be observed in areas V1, V2 and V4
under conditions that require stimulus feature analysis and
selective spatial processing within a field of competing stimuli
[2,3]. Similarly, human neuroimaging studies employing
functional magnetic resonance imaging (fMRI) show that
attentional activation within primary visual areas is task
dependent [4]. Electro- (EEG) and magneto-encephalographic
(MEG) studies on human vision show that attentional
modulation either before or after stimulus presentation affects
the amplitude of occipital alpha rhythms [5,6]. Recent multiunit
recordings on primate have also demonstrated that attentional
modulation affects alpha (and gamma) rhythms in early visual
areas [7]. Finally, several behavioral studies on humans have
demonstrated that attention enhances visual sensitivity and
performance [8,9].
Evidence is also emerging, through behavioral studies, that
humans can self-monitor their attentional status for the purpose
of enhancing visual performance [10]. Smith et al. [11] reported
that mirrored self-faces were more rapidly recognized and
more strongly identified when self-awareness was internally
directed compared with socially directed, whereas the opposite
was true for the perception of un-mirrored self-faces. They
concluded that self-awareness has stimulus-specific effects on
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visual perception, and that states of self-awareness might
generally provide internal cues to selectively enhance
behaviourally relevant visual signals. Yamagishi et al. [10] used
an orientation discrimination task to determine whether
attentional processes can be internally monitored for the
purpose of enhancing performance. In their experiments
observers had the freedom to delay target presentation – by
any amount required – until they judged their attentional focus
to be complete. In doing so, Yamagishi et al. reported that
observers were able to improve significantly their orientation
discrimination performance. They concluded that attentional
mechanisms can be self-monitored for the purpose of
enhancing human decision making processes.
While the neural mechanisms underlying visual attention
have – at least in part – been revealed by physiological and
neuroimaging studies, the neurophysiological basis underlying
self-monitoring processes remains unknown, although a recent
meta-analysis of fMRI data suggested that the anterior
cingulate may play a role in processing ‘self-specific’ stimuli
[12]. In this study, we used a combination of
magnetoencephalographic and functional magnetic resonance
imaging to examine the neural processes underlying our ability
to self-monitor attentional status. Given the purported roles of
both low- and high-frequency oscillatory brain rhythms in
defining attentional status, our principal aim in this study was to
determine whether such rhythms also play a role in the self-
monitoring of attentional status.
Materials and Methods
Participants
Ten right-handed individuals (1 female) between 20 and 27
years of age (mean 23.6) with normal or corrected-to-normal
vision participated in all behavioral, fMRI and MEG
experiments. All individuals were screened for neurological
and/or psychiatric abnormalities, and all were paid for their
participation.
Ethics Statement
All participants gave written informed consent for the
experimental procedures, approved by the ATR Human
Subject Review Committee, and the experiments were run in
accordance with the Helsinki Declaration.
Stimuli and task
All stimuli were generated using a VSG2/5 graphics board
(Cambridge Research Systems, UK). For the MEG experiment,
images were projected (DLA-G150CL projector, Victor
Company of Japan, Ltd, Japan) from outside a magnetically
shielded room onto a semi-translucent screen inside the room.
For the fMRI experiment, images were projected (DLA-G150CL
projector, Victor Company of Japan, Ltd, Japan) from outside a
magnetically shielded room onto a semi-translucent screen and
reflected onto a mirror attached to a head coil on the MRI
scanner. The mean luminance (40 cd/m2) and colour (CIE
coordinates: x=0.31, y=0.32) of the stimuli were matched to
that of the surround.
The target stimulus was a Gaussian-modulated (σ=0.5°)
sinusoid of two cycles/degree periodicity, occupying 3° x 3° of
visual angle at a viewing distance of 36 cm (for MEG
experiment) or 96 cm (for fMRI experiment). Its orientation was
rotated from the horizontal meridian by 5° (clockwise or anti-
clockwise with equal probability), and its contrast was 1.4 times
each participant’s threshold, which was pre-defined using a 3-
up 1-down stair-case method. Two distracter targets were
presented either side of the target stimulus. Their size and
spatial structure were same as the target but their orientation
was randomly chosen from ±90° from the horizontal, and their
contrast was fixed at 50%. The distracters and the target
stimulus were aligned horizontally and separated by 3° (center-
to-center spacing). The center of the target stimulus was 7°
directly below fixation.
Procedure
There were two experimental conditions: (A) observer-control
condition, and (B) passive viewing condition. In both conditions,
each trial began with the presentation of a black bull’s-eye
fixation target (two concentric open circles with radii of 0.2° and
0.4°). Participants were instructed to maintain fixation during
each trial and avoid blinking except during the inter-trial interval
(ITI). In the observer-control condition, participants were asked
to monitor their internal status and, when they judged their
attention to be maximal, depress a control-box button to initiate
stimulus presentation (Figure 1). On depression of the button,
the fixation colour changed from black to gray. One hundred
milliseconds later, the target stimulus and the distracters were
presented for one frame (17 msec). The participant’s task was
to judge whether the target grating was clockwise (right-hand
button press) or anti-clockwise (left-hand button press) tilted.
To prompt a response, the fixation colour was changed 800
msec after stimulus offset. No response deadline was imposed.
An ITI of 2000-2500 msec followed the response. The passive
viewing condition followed the same general procedure except
that: (i) the duration between the start of the trial and stimulus
onset was controlled by a computer – the length of this pre-
stimulus period was selected pseudo-randomly from the
distribution of latencies recorded in the previous block of
observer-control trials; and (ii) no response was required – the
time period prior to the ITI was fixed at 1000 msec.
There was a baseline period of 1000 msec prior to the
beginning of each trial in the MEG experiments.
MEG acquisition
Magnetic responses were recorded using a 210-channel
whole-head bio-magnetic imaging system (PQ1400RM;
Yokogawa Electric Co., Japan). The responses were
continuously sampled at 1 kHz during each session.
Simultaneous recording of the electro-oculogram (EOG) was
used to detect and discard epochs with eye movement or blink
artifacts. Each observer participated in four sessions. Each
session contained two blocks of experiments: one for the
observer-control condition, and another for the passive viewing
condition. Each block contained 40 trials. A total number of 160
trials recorded for each condition. Before the MEG experiment,
each participant’s face and head shape were scanned using a
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hand-held laser scanner and a stylus marker (FastSCAN;
Polhemus, USA), completed for later use in co-registration of
the MEG functional data with the MRI structural data. The
observer’s head position in the MEG system was measured
using a standard facial arrangement of calibration coils.
Electromagnetic calibration of the coil position was conducted
before and after each session.
fMRI acquisition
A 1.5-tesla MRI scanner (Shimadzu-Marconi Magnex
Eclipse) was used to acquire both structural T1-weighted
images (TR = 20 ms, echo time [TE] = 2.3 ms, flip angle = 40°,
matrix = 256x 256, field of view [FoV] = 256 mm, thickness = 1
mm, slice gap = 0 mm) and T2* -weighted echo planar images
(TR = 2.5 s, TE = 49 ms, flip angle = 80°, matrix = 64x 64, FoV
= > 192 mm, thickness = 5 mm, slice gap = 0 mm, 25 slices),
showing BOLD contrasts. Each observer participated in eight
experimental sessions. Each session contained six blocks of
experiments. Blocks of the (1) observer-control condition, (2)
passive viewing condition and (3) rest condition were repeated
twice in each session. Note that in the rest block condition, only
a fixation point was present on-screen, presented for the same
length of time as in the previous passive viewing condition.
Each experimental block contained six trials. A total of 96 trials
of data were recorded for each experimental condition. The
total scan number for each session varied between 108 and
160, depending on the required time for participants to judge
they were ready for the task.
fMRI analysis
Functional imaging data were analyzed using SPM5
(Wellcome Trust Centre for Neuroimaging, London, UK; http://
www.fil.ion.ucl.ac.uk/spm). We discarded the first six volumes
of images in each session to allow for T1 equilibration, and
then spatially aligned the data to the first remaining volume.
The data were spatially normalized to the Montreal
Neurological Institute (MNI; Montreal, Quebec, Canada)
reference brain, and spatially smoothed with a Gaussian kernel
(8 mm, full-width at half-maximum).
Statistical analyses were performed for each participant.
Boxcar functions were modeled for each condition, including
the rest condition. They were convolved with the canonical
hemodynamic response function in SPM5 to yield regressors in
a general linear model. A parameter was estimated for each
regressor using a least-squares method. T-statistics were used
for comparison between the estimated parameters (observer-
Figure 1.  Trial sequence for the observer-control condition.  Participants were asked to monitor their internal status and, when
they judged their attention to be maximal, depress a button to initiate presenting stimuli. The passive viewing condition followed the
same procedure except that the time before the stimulus onset was controlled by a computer selecting from the recorded latencies
in the previous block of the observer control condition.
doi: 10.1371/journal.pone.0074962.g001
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control versus rest condition, and passive viewing versus rest
condition) to yield a t-value for each voxel. Because both Sato
et al. [13] and Yoshioka et al. [14] have demonstrated that the
hierarchical Bayesian method is robust with respect to false-
positive prior information in fMRI signals, we used a threshold
of p<0.001 (uncorrected for multiple comparisons), as previous
studies [14,15] have done for the analysis of hierarchical
Bayesian estimation for MEG [13]. The statistical parametric
maps were combined using a logical OR operation, and used
as prior information for the estimation of MEG source currents.
To specify regions of interest (ROI) for self-monitoring of
attentional status, each individual’s results (observer-control
versus passive viewing condition) were combined across
participants (i.e. random effect, with n = 10). Statistical
significance was evaluated with a height threshold of p < 0.001
uncorrected and extended threshold equal to 30.
MEG preprocessing
Magnetic response signals were high-pass filtered at 1 Hz,
and used to generate two data sets for each participant: (1)
data time-locked to the start of each trial, and (2) data time-
locked to the depression of the control-box button for the
observer-control condition. A baseline measure was computed
from the magnetic signals recorded during the 300 msec prior
to the start of each trial. Eye movement artifact rejection was
performed offline by removing epochs with an EOG peak
amplitude exceeding 100 μv.
Cortical current estimation using the hierarchical
Bayesian method
A polygon cerebral cortex model was constructed for each
participant based on MR structural images by using Brain
Voyager software (Brain Innovation, Maastricht, Netherlands).
The total number of vertex points for each participant was
27221 ± 368 (mean ± standard error [SE]). A cortical dipole
model was constructed from the polygon model by assuming
the existence of a current dipole at each vertex point. The
dipoles were equidistantly distributed and the dipole current
directions were assumed to be perpendicular to the cortical
surface.
For each participant, we estimated the cortical current of
each dipole using a hierarchical Bayesian method [13,14]. This
method estimates cortical activity from MEG sensor signals in a
distributed source model in which cortical current is modeled by
a number of dipoles with fixed position and orientation. In this
method, the variance of the cortical current at each location is
considered an unknown parameter, and estimated from the
observed MEG data and prior information derived from fMRI
[16].
For each trial, the duration from the start of a trial to the
subsequent button press by a participant – signaling they are
ready for the stimulus to be presented – necessarily varied
from trial to trial. Trials were eliminated if the EOG peak
amplitude exceeded 100 μv (rejection rate = 12.7% ±3.0%). To
estimate cortical currents, we used the MEG data with the
longest trial duration because our method of analyses [13]
requires that all trials have the same length.
Assuming the pattern of cortical activity varies with the
participant’s internal state, we calculated an inverse filter for
each 100 msec time window, with a 50 msec overlap in each
trial. The cortical current was then estimated with the MEG
data using the filter at each time window. In the overlapping
period, the cortical currents were averaged between
successive time windows. Note that estimated currents cannot
be influenced by data that fall outside the 100 msec time
window [13].
Event-related spectral perturbation (ERSP) plots [17] were
generated for each condition and participant using the single-
trial estimated current for each ROI – each pixel on the ERSP
plot was submitted to statistical analysis. The correlations
between task performance and ERSP values were also tested
by determining a correlation coefficient between task
performance (accuracy) and ERSP values at each frequency
and at each time point for each participant.
Results
Behavioral results
Preliminary behavioral measures were completed to
determine whether, under the experimental conditions
employed in this study, self-monitoring of attentional status did
improve visual performance, as reported by Yamagishi et al.
[10]. We can confirm that performance in the orientation
judgment task was significantly affected by experimental
condition: performance was greatest for condition A, where
participants self monitored their attentional status (mean
accuracy: Condition A, 81.3%; Condition B, 67.8%; t-test p <
0.01).
Averaged across participants, performance for the bar-
orientation judgment task was 77.6 ± 3.2% correct [mean ± SE]
in the MEG experiment, and 79.2 ± 3.3% correct [mean ± SE]
in the fMRI experiment. There was no statistical difference for
this task between the MEG and fMRI experiments (t-test p >
0.5), confirming anecdotal reports by observers that the levels
of task difficulty appeared equal.
The elapsed time required for participants to judge that their
attentional focus was maximal varied from trial to trial (Figure
2), in a similar fashion to that found previously in our behavioral
work [10]. The elapsed time ranged from 812 msec to 11.3
seconds (median 2.17 s) in the MEG experiment, and from 828
msec to 9.2 seconds (median 3.06 s) in the fMRI experiment.
Regions of Interest (ROI)
ROIs were determined for each participant by contrasting the
fMRI results for the observer-control and passive viewing
conditions (see Methods). Figure 3A shows the group (n = 10)
results (see also Table 1; p < 0.001 uncorrected, extended
threshold = 30), and indicates which cortical regions were
activated more during the observer-control condition than the
passive viewing condition. A total of ten areas were identified,
all within the frontal and parietal cortex (Table 1). MNI
coordinates were converted into Talairach coordinates using a
linear transformation matrix. Ten ROIs [left middle frontal gyrus
(MFG), right MFG, left frontal eye field (FEF), right FEF, rostral
cingulate motor area (rCMA), left precentral gyrus (preCG),
Gamma Activity and Behavioural Performance
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right preCG, left inferior parietal lobe (IPL), right IPL, right
intraparietal sulcus (IPS)] were then determined for each
participant by specifying a circular region with a 6-mm radius
centered at the coordinates shown in Table 1 (Figure 3B). Each
ROI contains 16 ± 1 dipoles (mean ± SE). A representative
dipole for each ROI was determined by averaging the
estimated cortical current amplitudes for each dipole – over the
time period from the trial start to depression of the control-box
button – and then selecting the dipole with the largest value.
The time-locked-to-start data was 1100 msec long,
consisting of 300 msec pre-trial data (i.e. baseline) plus 800
msec post-trial data (Top panel in Figure 4). This was the
shortest duration required for any participant to signal (via a
button press) they were ready for the stimulus to be presented.
The time-locked-to-button-press data was also 1100 msec
long, consisting of 800 msec pre-trial data plus 300 msec post-
trial data (Bottom panel in Figure 4). For statistical analysis, the
same baseline data was used as in the time-locked-to-start
data.
Neural oscillatory activity
To determine which, if any, cortical rhythms are affected
during self-monitoring of attentional status, we performed time-
frequency analyses by computing event-related spectral
perturbation (ERSP) plots [17]. Perturbation plots were
computed for each of the single estimated currents within each
Figure 2.  Group data (n = 10) showing latency distribution for signaling maximal attentional status in the MEG
experiment (left panel) and in the fMRI experiment (right panel).  
doi: 10.1371/journal.pone.0074962.g002
Figure 4.  Examples of MEG data.  The obtained data arranged: (1) time-locked to the start of the trial (Top panel), and (2) time-
locked to the button press (Bottom panel). Examples of MEG data are shown for participant TT in both the observer-control
condition (shown in red) and the passive control condition (shown in blue).
doi: 10.1371/journal.pone.0074962.g004
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ROI for both conditions. The spectral power differences (in
decibels) were referenced to a 300 msec baseline recording
(see Methods). The power spectrum was determined using a
Fast Fourier Transform (FFT), Hanning-windowed, designed to
represent frequencies from 1.9 Hz to 50.8 Hz with 26 steps.
The time dimension was evaluated over the 25 points for the
data time-locked to the start of each trial, and 32 points for the
data time-locked to the depression of the control-box button. At
each time point, the FFT was estimated within a window of 256
msec. For each participant and for each ROI, we created mean
ERSP plots for both the observer-control condition and the
passive viewing condition. For each ROI, and for both the time-
locked-to-trial-start data and the time-locked-to-button-press
data, each pixel on the ERSP plot was submitted to statistical
analysis (n = 10, paired-sample t test).
For the data time-locked to the start of each trial, significant
differences between the observer-control and passive viewing
conditions were only observed (p < 0.05) within rCMA (Figure
5). Figure 5B shows that within this area, in the passive viewing
condition, an increase in spectral power (colored red) was
Figure 3.  Self-monitoring related activity in fMRI
experiments and ROI specification.  A, Brain areas activated
more during the observer-control condition than the passive
viewing condition (P < 0.001, uncorrected; extended threshold
of 30 voxels). B, Ten ROIs were defined by specifying a
circular region with a 6-mm radius centered at the coordinates
shown in Table 1. Abbreviations are the same as in Table 1.
doi: 10.1371/journal.pone.0074962.g003
evident for low frequencies (approximately 2-12 Hz), beginning
some 70 msec after time zero (trial start). In the observer-
control condition, however, no discernible increase in spectral
power was evident within this range of frequencies (Figure 5A).
Figure 5C shows a statistical significance map of the
differences between the two experimental conditions (n = 10,
paired-sample t test, p < 0.05). Because we have considerable
published data showing that attentional modulation in humans
affects the amplitude of cortical oscillations within the alpha
frequency range [6,18,19], and because other studies suggest
an important role for alpha-band activity in cognitive tasks [20],
multiple comparisons were corrected for a prior defined
frequency range 7.8 Hz to 13.7 Hz across the entire time
period. Figure 5C shows that, from 430 msec to 650 msec
post-trial start, alpha activity within rCMA was significantly less
when participants self-monitored their attentional status (p <
0.05, FDR corrected; df = 9; white asterisks (t = 426, 461, 496,
531, 566, 602, 637 msec, f=7.8 Hz)).
For data time-locked to depression of the control-box button,
significant differences were observed between experimental
conditions (p < 0.05) in the left inferior parietal lobe (IPL)
(Figure 6). Within this region, in the 800 msec prior to
depression of the button to initiate stimulus onset, an increase
in spectral power (colored red) was evident for low frequencies
(approximately 2-14 Hz) in the passive condition (Figure 6B). In
this same time period a decrease in power (coloured blue) was
evident for middle frequencies (approximately 10-23 Hz) in the
observer-control condition (Figure 6A). Figure 6C shows a
statistical significance map of the differences between
experimental conditions (n = 10, paired-sample t test, p < 0.05).
Since modulations of the Mu (8-13 Hz) and beta (14-25 Hz)
rhythm have been reported for motor preparation [21-23],
multiple comparisons were corrected for a prior defined
frequency band 7.8 Hz to 27.3 Hz. Note that significant
suppression of alpha and beta rhythms (approximately 10 to 25
Hz) occurred during the 800 msec before the control-box
Table 1. Event-related activations to cues for self-
monitoring of status of ‘I am ready’ (local maxima).
  Coordinates (mm)   
Region Area x y z T value P value
Frontal L MFG -42 51 16 5.73 < 0.001
 R MFG 44 47 11 5.36 < 0.0005
 L FEF -34 -5 50 10.03 < 0.00005
 R FEF 32 -5 50 10.51 < 0.00001
 rCMA -6 10 47 12 < 0.00001
 L PreCG -42 -11 48 5.97 < 0.0001
 R PreCG 44 -13 45 8.1 < 0.0001
Parietal L IPL -50 -38 46 6.84 < 0.0005
 R IPL 53 -35 48 8.1 < 0.0001
 R IPS 34 -50 52 5.78 < 0.001
Note. Abbreviations: L, left; R, right; MFG, middle frontal gyrus; FEF, frontal eye
field; rCMA, rostral cingulate motor area; PreCG, precentral gyrus; IPL, inferior
parietal lobe, IPS, intraparietal sulcus; Coordinates: x, left/right; y, posterior/
anterior; z, inferior/superior in the reference frame of the Talairach coordinates.
doi: 10.1371/journal.pone.0074962.t001
Gamma Activity and Behavioural Performance
PLOS ONE | www.plosone.org 6 September 2013 | Volume 8 | Issue 9 | e74962
button was depressed, and for at least 200 msec after the
button press (Figure 6C; white asterisks).
Relationship between ERSP and task performance
within rCMA
Using the data for all observers (n=10), we tested for
correlations between task performance in the observer-control
condition and ERSP values within the rCMA. For each
participant, a correlation coefficient between performance
(ACC) and ERSP values at each frequency and at each time
point (i.e. each cell in Figure 7A) was determined (see Figure
7B). Note that no correlation between performance and ERSP
was evident for any cells within the alpha band (near 10Hz,
Figure 7A). However, a strong positive relationship between
gamma activity and task performance was evident within
several cells (greater than 40 Hz; colored red in Figure 7A).
Sustained correlations (p < 0.05, uncorrected) were found
within the frequency range 41 Hz to 47 Hz from 39 msec to 637
msec. Because positive correlations between gamma power
changes and behavioral performance have been previously
demonstrated [24,25], multiple comparisons were corrected for
a prior defined frequency range 41 Hz to 47 Hz across the
entire time period. Five significant points (t = 285, 320, 355,
566, 602 msec, f = 43.0 Hz), indicated by the green asterisks in
Figure 5.  Group analysis (n=10) showing the self-monitoring related oscillatory activity for the time-locked-to-start data
set in rCMA.  A and B, The group-mean ERSP plots show power differences (in dB) referenced to a 300 msec baseline recording
for (A) observer-control and (B) passive viewing conditions. C, Statistical significance map of the differences between the
experimental conditions, as assessed using a paired-sample t test (n = 10, p < 0.05). Multiple comparisons were corrected for 7.8
Hz to 13.7 Hz, and results are indicated as white asterisks in Panel C (p < 0.05, FDR corrected; df = 9).
doi: 10.1371/journal.pone.0074962.g005
Figure 6.  Group analysis (n=10) showing the differences between experimental conditions for the time-locked-to-button-
press data set in left IPL.  A and B, The group-mean ERSP plots show power differences (in dB) referenced to a 300 msec
baseline recording for (A) observer-control and (B) passive viewing conditions. C, Statistical significance map of the differences
between the experimental conditions, as assessed using a paired-sample t test (n = 10, p < 0.05). Multiple comparisons were
corrected for 7.8 Hz to 27.3 Hz, and results are indicated as white asterisks in Panel C (p < 0.05, FDR corrected; df = 9).
doi: 10.1371/journal.pone.0074962.g006
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Figure 7A, were revealed (p < 0.05, FDR corrected). The
correlation between ERSP values and task performance at
t=355 msec and f=43.0 Hz is shown in Figure 7B (r=0.807),
where the broken lines are the 95% confidence interval.
Relationship between alpha and gamma modulations
To clarify the relationship between alpha and gamma
modulations, we compared power changes between the
observer-control and the passive viewing conditions (in dB) for
7.8 Hz (alpha) and 43.0 Hz (gamma) frequencies at each time
point (t = 4-672 msec, 20 time points), for data time-locked to
the trial start. Figure 8 shows, for each observer, gamma
changes plotted against alpha changes. Observers were
divided into high and low performance groups based on their
psychophysical task performance measure. A performance
measure of < 80% was defined as low (n = 5, performance:
ranges 54.9-78.6%, mean 71.0%, data are shown in blue); and
a measure of > 80% was defined as high (n = 5, performance:
ranges 80.1-93.0%, mean 84.8%, data are shown in red). Note
that no significant correlation between alpha and gamma
changes was evident for either low- or high-performance
observers (high performance group, r = -0.15, p > 0.05; for low
performance group, r = -0.19, p > 0.05). Note also that there
was no significant difference in alpha changes between the
groups (p > 0.2, mean of alpha changes [high, low] = [-0.376,
-0.502]). However, there was significant difference in gamma
changes between the groups (p < 0.001, mean of gamma
changes [high, low] = [0.404, -0.267]): gamma was significantly
greater in the high performance group compared with the low
performance group.
Neural activity in rCMA: data time-locked to orientation
judgment
For data time-locked to the start of each trial, significant
differences between the observer-control and passive viewing
conditions were observed within the area rCMA: alpha activity
within rCMA was significantly less when participants self-
monitored their attentional status (see Figure 5), and there was
a significant positive relationship between gamma activity and
task performance (see Figures 7 and 8). To provide further
evidence that these observed effects within rCMA were related
to self-monitoring of attention, and not simply to general
attentional processes and/or motor-related activity, we
repeated the analyses for data time-locked to the orientation
judgment button press. The results are shown in Figure 9. Note
that in both the observer control (9A) and passive viewing (9B)
conditions, an increase in spectral power (colored red) was
evident across a broad range low frequencies, beginning
around 800 msec before the button press. Figure 9C shows a
statistical significance map of the differences between the two
experimental conditions (n = 10, paired-sample t test, p < 0.05).
Note that, for data time-locked to the button press, there was
no evidence for a reduction in alpha (7.8 Hz) within rCMA
(compare Figure 9C with Figure 5C). We also assessed the
relationship between alpha and gamma modulations for both
high- and low-performance participants. Unlike the results for
data time-locked to the trial start (Figure 8), there was no
evidence for increased gamma (43.0 Hz) activity with high
performance participants for data time-locked to the orientation
judgment button press (compare Figure 8 with Figure 9D). Note
also there was no significant difference in either alpha or
Figure 7.  Relationship between event-related spectral perturbation (ERSP) and task performance within rCMA.  A,
Correlation between ERSP values and task performance. White asterisks indicate time/frequency points where p < 0.05, mean r =
0.71. Multiple comparisons were corrected for the entire time period with a frequency of 43Hz, and results are indicated as green
asterisks (p < 0.05, FDR corrected; df = 9, mean r = 0.79). B, Example of correlation between ERSP and task performance for the
time/frequency point indicated by a white box in Panel A (t=355 msec, f=43.0 Hz). The solid red line shows linear regression fits to
the data, and the broken lines show the 95% confidence interval.
doi: 10.1371/journal.pone.0074962.g007
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gamma changes between the two performance groups (p >
0.05, mean of alpha changes [high, low] = [0.170, -0.025]; p >
0.05, mean of gamma changes [high, low] = [0.165, 0.080]). In
brief, we could find no evidence for decreased alpha or
increased gamma rhythms within rCMA for data time-locked to
the orientation judgment button press.
Discussion
Using neuroimaging techniques (MEG and fMRI) in
combination with psychophysical measures of visual
performance, we sought to determine whether oscillatory brain
rhythms play a role in the neural processes involved in self-
monitoring attentional status. Behaviorally, we have shown
previously that orientation discrimination is significantly
improved when observers self-monitor their attentional status
for the purpose of maximising performance [10]. We used the
same orientation discrimination task in this study and found –
using fMRI – a number of candidate regions within the frontal
and parietal cortex that may be associated with self-monitoring
(Figure 3, Table 1). Computing event-related spectral
perturbation (ERSP) plots for representative current dipoles
within each identified region we went on to show that, for data
time locked to the beginning of each trial, self-monitoring is
associated with a sustained power decrease of alpha activity
(7-13Hz) within the rostral cingulate motor area (rCMA, Figure
5C). Although we did not find a significant correlation between
alpha power and task performance within this area (Figure 7),
we did find a significant positive correlation between gamma-
band power (41-47 Hz) and performance (Figure 7). While all
participants demonstrated decreased alpha power, only high-
performance participants showed increased gamma power in
rCMA (Figure 8).
Different effects of attention on alpha and gamma rhythms
within a given neural area were recently reported by Buffalo et
al. [7]. They showed that gamma was dominant within the
superficial layers areas V2 and V4 in primate while alpha was
dominant within the deep layers, and that attention affected
those dominant frequencies in opposite ways: attention
enhanced gamma synchrony but reduced alpha synchrony. In
consideration of the known anatomical projection targets of
different cell layers within areas V2 and V4, Buffalo et al. [7]
concluded that the changes in gamma synchrony are most
likely to affect higher cortical areas, while the changes in alpha
are most likely to affect subcortical structures and perhaps V1.
The qualitative differences we observed between alpha and
gamma within rCMA presumably reflect their different neural
roles in the self-monitoring of attentional status. It remains an
open question, however, as to what those roles might be.
Indeed, although oscillatory brain rhythms have been
associated with a number of cognitive [26] and sensori-motor
actions [27], their functional significance remains unclear.
Certainly, alpha desynchronization has long been associated
with attentional processes [5,6,18,19,28-30], with the general
consensus being that spatially localized reductions in alpha
reflect areas of heightened neural activity [27,31]. Other
research suggests that changes in alpha rhythms may also
form part of interareal feedback communication networks for
Figure 8.  Relationship between alpha and gamma modulations.  Differences of ERSP values between experimental conditions
in gamma (43.0 Hz) frequency are plotted against differences of ERSP values in alpha (7.8 Hz). Data are shown for high
performance observers (n=5, ranges 54.9-78.6%, mean 71.0%, shown in red) and low performance observers (n=5, ranges
80.1-93.0%, mean 84.8% shown in blue). Horizontal dotted lines indicate means of gamma changes and vertical dotted lines
indicate means of alpha changes in each experimental condition.
doi: 10.1371/journal.pone.0074962.g008
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Figure 9.  Group analysis (n=10) showing neural activity for data time-locked to the orientation judgment button press in
rCMA.  A and B, The group-mean ERSP plots show power differences (in dB) referenced to a 300 msec baseline recording for (A)
observer-control and (B) passive viewing conditions. C, Statistical significance map of the differences between the experimental
conditions, as assessed using a paired-sample t test (n = 10, p < 0.05 uncorrected). D, Relationship between alpha and gamma
modulations. Differences of ERSP values between experimental conditions in gamma (43.0 Hz) are plotted against differences of
ERSP values in alpha (7.8 Hz) for 22 time points (-787 to -13 msec before the button press). Data are shown for high performance
observers (n=5, shown in red) and low performance observers (n=5, shown in blue). Horizontal dotted lines indicate means of
gamma changes and vertical dotted lines indicate means of alpha changes in each experimental condition.
doi: 10.1371/journal.pone.0074962.g009
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attentional control [6,32], and more recent studies suggest that
local changes in alpha may reflect engagement or
disengagement within local brain regions [33]. In contrast to
alpha coherence, gamma coherence is known to be enhanced
by attention [34], a change which may serve to enhance the
impact of attended sensory signals on downstream neurons
[7,35,36].
Using functional connectivity magnetic resonance imaging
(fcMRI), Habas [37] reported that both rostral and caudal parts
of the cingulate motor areas in human are functionally
connected to the dorsolateral prefrontal, rostral cingulate,
rostral insular, sensorimotor cortices, and rostral striatum.
Specifically, the rCMA displays more widespread prefrontal and
orbitofrontal, premotor, and medial parietal cortical
connections. These areas are variously involved in the neural
mechanisms of planning [38], imagery movement [39], episodic
memory retrieval [40], self judgments [41], self-awareness [42],
and attention to self [43].
Primate studies suggest a role for rCMA in motor execution
[44], visuomotor transformation [45], voluntary movement
selection [46], and the planning and execution of movements
[47]. Human studies provide general support for these findings,
suggesting the rCMA may help determine the speed of reaction
times [48], and is involved in conflict monitoring [49] and
attention-demanding cognitive tasks [50].
Habas (2010) [37] suggested that the cingulate motor areas
may constitute an interface between sensorimotor, limbic and
executive systems. This fits well with the reported roles of
these areas from both animal and human studies, and with the
results of our current neuroimaging study. Activation of rCMA,
as defined by the changes we observed in alpha- and gamma-
band power, is entirely consistent with the required actions of
our observers, i.e. self-monitoring of their attentional status,
responding when it was maximal with an appropriate motor
movement for stimulus presentation and discrimination. We
conclude that, in addition to its reported roles, rCMA in humans
may help evaluate competing internal signals for the purpose of
maximising behavioural performance. In this respect we
speculate that alpha and gamma brain rhythms may act in
feedback and feedforward processes, respectively. Specifically,
we suggest that alpha suppression reflects a strengthening of
top-down interareal connections, and that gamma
enhancement plays an important feedforward role in guiding
visuomotor behavior.
A different picture emerged for data time-locked to
depression of the control-box button. In this case, a significant
suppression of power within the 10-25 Hz frequency band was
evident within the left inferior parietal lobe (IPL) (Figure 6C).
This is consistent with previous studies that report a
suppression of Mu (8-13 Hz) and beta activity (14-30 Hz) within
the contra-lateral parietal area before either real [51] or
imaginary movement [52]. It is also consistent with
physiological studies reporting that neural activity within the
parietal cortex may reflect the integration of sensory signals
relevant to a decision for movement [53,54]. Given these
findings, we assume the suppression of 10-25 Hz activity we
observed within the IPL reflects preparatory motor activity.
Acknowledgements
We thank M. de Brecht for support with software programming,
E. Naito and M. Kawato for their advice during the development
of our study, and Y. Furukawa for help with the neuroimaging
recordings.
Author Contributions
Conceived and designed the experiments: NY SJA. Performed
the experiments: NY. Analyzed the data: NY. Contributed
reagents/materials/analysis tools: NY. Wrote the manuscript:
NY SJA.
References
1. Bisley JW (2011) The neural basis of visual attention. J Physiol 589:
49-57. doi:10.1113/jphysiol.2010.192666. PubMed: 20807786.
2. Motter BC (1993) Focal attention produces spatially selective
processing in visual cortical areas V1, V2, and V4 in the presence of
competing stimuli. J Neurophysiol 70: 909-919. PubMed: 8229178.
3. Ito M, Gilbert CD (1999) Attention modulates contextual influences in
the primary visual cortex of alert monkeys. Neuron 22: 593-604. doi:
10.1016/S0896-6273(00)80713-8. PubMed: 10197538.
4. Watanabe T, Harner AM, Miyauchi S, Sasaki Y, Nielsen M et al. (1998)
Task-dependent influences of attention on the activation of human
primary visual cortex. Proc Natl Acad Sci U S A 95: 11489-11492. doi:
10.1073/pnas.95.19.11489. PubMed: 9736764.
5. Thut G, Nietzel A, Brandt SA, Pascual-Leone A (2006) Alpha-band
electroencephalographic activity over occipital cortex indexes
visuospatial attention bias and predicts visual target detection. J
Neurosci 26: 9494-9502. doi:10.1523/JNEUROSCI.0875-06.2006.
PubMed: 16971533.
6. Yamagishi N, Goda N, Callan DE, Anderson SJ, Kawato M (2005)
Attentional shifts towards an expected visual target alter the level of
alpha-band oscillatory activity in the human calcarine cortex. Brain
research. Cogn Brain Res 25: 799-809. doi:10.1016/j.cogbrainres.
2005.09.006.
7. Buffalo EA, Fries P, Landman R, Buschman TJ, Desimone R (2011)
Laminar differences in gamma and alpha coherence in the ventral
stream. Proc Natl Acad Sci U S A 108: 11262-11267. doi:10.1073/
pnas.1011284108. PubMed: 21690410.
8. Pashler H (1999) The psychology of attention. Cambridge, MA: MIT
Press.
9. Carrasco M (2011) Visual attention: the past 25 years. Vision Res 51:
1484-1525. doi:10.1016/j.visres.2011.04.012. PubMed: 21549742.
10. Yamagishi N, Anderson SJ, Kawato M (2010) The observant mind: self-
awareness of attentional status. Proc. Biological Sciences/the Royal
Society 277. pp. 3421-3426. PubMed: 20534611.
11. Smith EL, Grabowecky M, Suzuki S (2008) Self-awareness affects
vision. Curr Biol 18: R414-R415. doi:10.1016/j.cub.2008.03.009.
PubMed: 18492469.
12. Qin P, Liu Y, Shi J, Wang Y, Duncan N et al. (2012) Dissociation
between anterior and posterior cortical regions during self-specificity
and familiarity: a combined fMRI-meta-analytic study. Hum Brain Mapp
33: 154-164. doi:10.1002/hbm.21201. PubMed: 21391261.
13. Sato MA, Yoshioka T, Kajihara S, Toyama K, Goda N et al. (2004)
Hierarchical Bayesian estimation for MEG inverse problem.
NeuroImage 23: 806-826. doi:10.1016/j.neuroimage.2004.06.037.
PubMed: 15528082.
14. Yoshioka T, Toyama K, Kawato M, Yamashita O, Nishina S et al.
(2008) Evaluation of hierarchical Bayesian method through retinotopic
brain activities reconstruction from fMRI and MEG signals. NeuroImage
42: 1397-1413. doi:10.1016/j.neuroimage.2008.06.013. PubMed:
18620066.
15. Toda A, Imamizu H, Kawato M, Sato MA (2011) Reconstruction of two-
dimensional movement trajectories from selected
magnetoencephalography cortical currents by combined sparse
Gamma Activity and Behavioural Performance
PLOS ONE | www.plosone.org 11 September 2013 | Volume 8 | Issue 9 | e74962
Bayesian methods. NeuroImage 54: 892-905. doi:10.1016/
j.neuroimage.2010.09.057. PubMed: 20884361.
16. Shibata K, Yamagishi N, Goda N, Yoshioka T, Yamashita O et al.
(2008) The effects of feature attention on prestimulus cortical activity in
the human visual system. Cereb Cortex 18: 1664-1675. doi:10.1093/
cercor/bhm194. PubMed: 17991628.
17. Delorme A, Makeig S (2004) EEGLAB: an open source toolbox for
analysis of single-trial EEG dynamics including independent component
analysis. J Neurosci Methods 134: 9-21. doi:10.1016/j.jneumeth.
2003.10.009. PubMed: 15102499.
18. Yamagishi N, Callan DE, Goda N, Anderson SJ, Yoshida Y et al.
(2003) Attentional modulation of oscillatory activity in human visual
cortex. Neuroimage 20: 98-113. doi:10.1016/S1053-8119(03)00341-0.
PubMed: 14527573.
19. Yamagishi N, Callan DE, Anderson SJ, Kawato M (2008) Attentional
changes in pre-stimulus oscillatory activity within early visual cortex are
predictive of human visual performance. Brain Res 1197: 115-122. doi:
10.1016/j.brainres.2007.12.063. PubMed: 18241846.
20. Palva S, Palva JM (2007) New vistas for alpha-frequency band
oscillations. Trends Neurosci 30: 150-158. doi:10.1016/j.tins.
2007.02.001. PubMed: 17307258.
21. Szurhaj W, Derambure P, Labyt E, Cassim F, Bourriez JL et al. (2003)
Basic mechanisms of central rhythms reactivity to preparation and
execution of a voluntary movement: a stereoelectroencephalographic
study. Clin Neurophysiol Off J Int Fed Clin Neurophysiol 114: 107-119.
doi:10.1016/S1388-2457(02)00333-4.
22. Leocani L, Toro C, Zhuang P, Gerloff C, Hallett M (2001) Event-related
desynchronization in reaction time paradigms: a comparison with
event-related potentials and corticospinal excitability. Clin Neurophysiol
112: 923-930. doi:10.1016/S1388-2457(01)00530-2. PubMed:
11336910.
23. de Jong R, Gladwin TE, ’t Hart BM (2006) Movement-related EEG
indices of preparation in task switching and motor control. Brain Res
1105: 73-82. doi:10.1016/j.brainres.2006.03.030. PubMed: 16630582.
24. Morgan HM, Muthukumaraswamy SD, Hibbs CS, Shapiro KL,
Bracewell RM et al. (2011) Feature integration in visual working
memory: parietal gamma activity is related to cognitive coordination. J
Neurophysiol 106: 3185-3194. doi:10.1152/jn.00246.2011. PubMed:
21940605.
25. Roux F, Wibral M, Mohr HM, Singer W, Uhlhaas PJ (2012) Gamma-
band activity in human prefrontal cortex codes for the number of
relevant items maintained in working memory. J Neurosci 32:
12411-12420. doi:10.1523/JNEUROSCI.0421-12.2012. PubMed:
22956832.
26. Shaw JC (2003) The brain’s alpha phythms and the mind. Amsterdam,
The Netherlands: Elsevier Science Ltd.
27. Pfurtscheller G, Lopes da Silva FH (1999) Event-related EEG/MEG
synchronization and desynchronization: basic principles. Clin
Neurophysiol 110: 1842-1857. doi:10.1016/S1388-2457(99)00141-8.
PubMed: 10576479.
28. Worden MS, Foxe JJ, Wang N, Simpson GV (2000) Anticipatory
biasing of visuospatial attention indexed by retinotopically specific
alpha-band electroencephalography increases over occipital cortex. J
Neurosci 20 (6) : 61-66. PubMed: 10704517.
29. Sauseng P, Klimesch W, Stadler W, Schabus M, Doppelmayr M et al.
(2005) A shift of visual spatial attention is selectively associated with
human EEG alpha activity. Eur J Neurosci 22: 2917-2926. doi:
10.1111/j.1460-9568.2005.04482.x. PubMed: 16324126.
30. Foxe JJ, Snyder AC (2011) The Role of Alpha-Band Brain Oscillations
as a Sensory Suppression Mechanism during Selective Attention. Front
Psychol 2: 154. PubMed: 21779269.
31. Singh KD, Barnes GR, Hillebrand A, Forde EM, Williams AL (2002)
Task-related changes in cortical synchronization are spatially
coincident with the hemodynamic response. NeuroImage 16: 103-114.
doi:10.1006/nimg.2001.1050. PubMed: 11969322.
32. von Stein A, Chiang C, König P (2000) Top-down processing mediated
by interareal synchronization. Proc Natl Acad Sci U S A 97:
14748-14753. doi:10.1073/pnas.97.26.14748. PubMed: 11121074.
33. Haegens S, Luther L, Jensen O (2012) Somatosensory anticipatory
alpha activity increases to suppress distracting input. J Cogn Neurosci
24: 677-685. doi:10.1162/jocn_a_00164. PubMed: 22066587.
34. Fries P, Reynolds JH, Rorie AE, Desimone R (2001) Modulation of
oscillatory neuronal synchronization by selective visual attention.
Science 291: 1560-1563. doi:10.1126/science.1055465. PubMed:
11222864.
35. Fries P (2005) A mechanism for cognitive dynamics: neuronal
communication through neuronal coherence. Trends Cogn Sci 9:
474-480. doi:10.1016/j.tics.2005.08.011. PubMed: 16150631.
36. Fries P, Womelsdorf T, Oostenveld R, Desimone R (2008) The effects
of visual stimulation and selective visual attention on rhythmic neuronal
synchronization in macaque area V4. J Neurosci 28: 4823-4835. doi:
10.1523/JNEUROSCI.4499-07.2008. PubMed: 18448659.
37. Habas C (2010) Functional connectivity of the human rostral and
caudal cingulate motor areas in the brain resting state at 3T.
Neuroradiology 52: 47-59. doi:10.1007/s00234-009-0572-1. PubMed:
19629462.
38. Fincham JM, Carter CS, van Veen V, Stenger VA, Anderson JR (2002)
Neural mechanisms of planning: a computational analysis using event-
related fMRI. Proc Natl Acad Sci U S A 99: 3346-3351. doi:10.1073/
pnas.052703399. PubMed: 11880658.
39. Hanakawa T, Immisch I, Toma K, Dimyan MA, Van Gelderen P et al.
(2003) Functional properties of brain areas associated with motor
execution and imagery. J Neurophysiol 89: 989-1002. PubMed:
12574475.
40. Shallice T, Fletcher P, Frith CD, Grasby P, Frackowiak RS et al. (1994)
Brain regions associated with acquisition and retrieval of verbal
episodic memory. Nature 368: 633-635. doi:10.1038/368633a0.
PubMed: 8145849.
41. Kircher TT, Senior C, Phillips ML, Benson PJ, Bullmore ET et al. (2000)
Towards a functional neuroanatomy of self processing: effects of faces
and words. Brain research. Cogn Brain Res 10: 133-144. doi:10.1016/
S0926-6410(00)00036-7.
42. Kjaer TW, Nowak M, Lou HC (2002) Reflective self-awareness and
conscious states: PET evidence for a common midline parietofrontal
core. NeuroImage 17: 1080-1086. doi:10.1006/nimg.2002.1230.
PubMed: 12377180.
43. Hare TA, Malmaud J, Rangel A (2011) Focusing attention on the health
aspects of foods changes value signals in vmPFC and improves dietary
choice. J Neurosci Off J Soc Neurosci 31: 11077-11087. doi:10.1523/
JNEUROSCI.6383-10.2011. PubMed: 21795556.
44. Akkal D, Bioulac B, Audin J, Burbaud P (2002) Comparison of neuronal
activity in the rostral supplementary and cingulate motor areas during a
task with cognitive and motor demands. Eur J Neurosci 15: 887-904.
doi:10.1046/j.1460-9568.2002.01920.x. PubMed: 11906531.
45. Richardson AG, Lassi-Tucci G, Padoa-Schioppa C, Bizzi E (2008)
Neuronal activity in the cingulate motor areas during adaptation to a
new dynamic environment. J Neurophysiol 99: 1253-1266. doi:
10.1152/jn.01096.2007. PubMed: 18216228.
46. Shima K, Tanji J (1998) Role for cingulate motor area cells in voluntary
movement selection based on reward. Science 282: 1335-1338. doi:
10.1126/science.282.5392.1335. PubMed: 9812901.
47. Hoshi E, Sawamura H, Tanji J (2005) Neurons in the rostral cingulate
motor area monitor multiple phases of visuomotor behavior with modest
parametric selectivity. J Neurophysiol 94: 640-656. doi:10.1152/jn.
01201.2004. PubMed: 15703223.
48. Naito E, Kinomura S, Geyer S, Kawashima R, Roland PE et al. (2000)
Fast reaction to different sensory modalities activates common fields in
the motor areas, but the anterior cingulate cortex is involved in the
speed of reaction. J Neurophysiol 83: 1701-1709. PubMed: 10712490.
49. Picard N, Strick PL (2001) Imaging the premotor areas. Curr Opin
Neurobiol 11: 663-672. doi:10.1016/S0959-4388(01)00266-5. PubMed:
11741015.
50. Davis KD, Taylor SJ, Crawley AP, Wood ML, Mikulis DJ (1997)
Functional MRI of pain- and attention-related activations in the human
cingulate cortex. J Neurophysiol 77: 3370-3380. PubMed: 9212281.
51. Leocani L, Toro C, Manganotti P, Zhuang P, Hallett M (1997) Event-
related coherence and event-related desynchronization/synchronization
in the 10 Hz and 20 Hz EEG during self-paced movements.
Electroencephalogr Clin Neurophysiol 104: 199-206. doi:10.1016/
S0168-5597(96)96051-7. PubMed: 9186234.
52. Nam CS, Jeon Y, Kim YJ, Lee I, Park K (2011) Movement imagery-
related lateralization of event-related (de)synchronization (ERD/ERS):
motor-imagery duration effects. Clin Neurophysiol 122: 567-577. doi:
10.1016/j.clinph.2010.08.002. PubMed: 20800538.
53. Shadlen MN, Newsome WT (1996) Motion perception: seeing and
deciding. Proc Natl Acad Sci U S A 93: 628-633. doi:10.1073/pnas.
93.2.628. PubMed: 8570606.
54. Shadlen MN, Newsome WT (2001) Neural basis of a perceptual
decision in the parietal cortex (area LIP) of the rhesus monkey. J
Neurophysiol 86: 1916-1936. PubMed: 11600651.
Gamma Activity and Behavioural Performance
PLOS ONE | www.plosone.org 12 September 2013 | Volume 8 | Issue 9 | e74962
